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A Survey of Text Games for Reinforcement Learning Informed by

Natural Language

External

Nat all envs have Corpora Tvpically in encoding or can be

access to generator extended from a pre-trained

after creation transformer such as ALBERT

Agent Architecture
Environment | | Learned
MDP Policy
State defined e.g." You are standing e.g. BoW or GRUs eg. A2C Value of State-Action
by: x.y on o bridge” pairs after training
Reward Action
e.g. ‘Go East’

Figure 2: Overview of the Architecture Structure of Agents Applied to a Simple Text Game Example.

Name || Encoder | Action Selector | KG | PTF || Pre-Training | AS || Tasks
Ammanabrolu et al. (2020a) GRU A2C DL ALBERT || J-QA TB || Zorkl

Xu et al. (2020) GRU A2C DL none none TB || JSoG
Ammanabrolu and Hausknecht (2020) || GRU A2C DL none ClubFloyd TB || JSoG
Murugesan et al. (2020b) GRU A2C DL4CS | none GloVe CB || TW-Commonsense
Yaoet al. (2020) GRU DERN none GPT-2 ClubFloyd CB || ISoG
Adolphs and Hofmann (2020) Bi-GRU A2C none none TS, GloVey; | TB || CW

Guo et al. (2020) Bi-GRU DON none none GloVe g TB || ISoG

Xu et al. (2020) TF DRERN none none none TB || JSoG

Yin and May (2020) TF,LSTM DSOQN none none none NS || CW, TH
Adhikari et al. (2020) R-GCN. TF DDQN DL none TS CB || TW-Cook
Zahavy et al. (2018) CNN DOQN none none word2vecaon | CB || Zorkl
Ammanabrolu and Riedl (2019) LSTM DON DL none TS, GloVesn | CB || TW-Home
He et al. (2016) BoW DRERN none none none CB || other
Narasimhan et al. (2015) LSTM DON none none none PB || other

Yin et al. (2020) BERT DQN DL BERT none CB || FTWP, TH
Madotto et al. (2020) LSTM Seq2Seq none none GloVe g a00 | PB || CC, CW

Table 2: Overview of recent architectural trends. ENC, state/action encoder: KG, knowledge graph
(DL: dynamically learned: CS: commonsense); PTF, pretrained Transformer; PreTr, pretraining (TS:
task specific); AS, Action space (TB: template-based; PB: parser based; CB: choice-based).
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